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Abstract: In the 3D V=-SLAM, due to the inherent noise of Kinect camera,a V=SLAM system combine the improved
ORB features extraction algorithm with the improved environment measurement model was proposed. The improved ORB
algorithm was adopted to extract the feature points of the RGB image, compute the descriptors of those points
simultaneously, so that the correspondency of the feature points between the adjacent frame could be established. At
meanwhile the noised of depth image were cleared. Secondly by adopting the iterative closest point algorithm, the motion
estimation of the camera pose were gained. The environment measurement model could be adopted to wipe off the outlier
points; refine the camera pose as well. At last, the g’ library was used to optimize the global robot pose, construct the
sparse point clouds map. According to the real scene and public dataset, the experimental result shows that the V-SLAM
system can compute the transformation of the camera pose precisely,and construct the pointclouds successfully.
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