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A Defects-detecting Method Based on Image Registration for Power Devices
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Abstract: For detecting defects of power devices in fixed scenes, a defects-detecting method based on image
registration was proposed. First, histogram equalization on the sample image and test image in the same scene were
performed respectively to reduce the impact of illumination transformation on defects. Second, feature point pairs
were selected by calculating minimum Euclidean distance of sample picture’s and test picture’s oriented FAST and
rotated BRIEF (ORB) feature points. Then, the best affine matrix was calculated by random sample consensus
(RANSAC)to complete the image registration. Finally, the registered image was differentiated, boundary denoising
and morphological denoising were used to mixed denoise the difference image to complete defect location.
Experimental results demonstrate that the method is high-accuracy (81%) and less time (0.50 s per picture)
consumption for detecting defects of power devices in fixed scenes. It's also fit for real-time task and embedded
platform.
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Tab.1  Results of SIFT,SURF, ORB feature extractor
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