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Abstract: Artificial intelligence old-aged robot is helpful to solve the increasingly serious problem of home-
based old-age care. However, various brands of smart home equipments are incompatible with each other, and
mature robot products lack speech and semantic recognition for old people, lack self-learning ability, and have
slow control response speed and low sensitivity. To solve the above problems, the Tornado framework and the Home
Assistant framework were used to effectively integrate mainstream smart home devices in the market, N—pod host
was built on the host and humanoid robots, deep convolutional neural networks was used to achieve speech
recognition, and particle swarm optimization intelligent algorithms was used for clustering the collected elderly
physical indicators and home environment information, a voice control solution for multi-brand smart home devices
was formed which meets the needs of thousands of people for the elderly. Through experiment and practical
application, the device is suitable for home-based elderly people, and the accuracy of voice recognition, the
accuracy of control commands and the response sensitivity are higher than similar products, which have greater
economic and social benefits.
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smart home control system
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Fig.4 Hardware topology architecture of N—pod voice control

multi-brand home equipment pension robot
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N-pod smart home control system
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Fig.11  Actual operation effect diagram
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